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Abstract

I investigate whether the mayors’ political ideology impacts on the probability of hate crimes against

immigrants in Italy. I assemble a dataset of local elections from 2008 to 2018 and I focus on those won or

lost with a small margin of victory by a far-right candidate. Results show that in municipalities where

an extreme-right mayor is in power, the likelihood of a hate crime occurring is signi�cantly higher:

estimates indicate an increase in the yearly probability of a hate crime ranging from 4 to 5.4 percentage

points. The e�ect of the far-right mayors on hate crimes is particularly strong in the �rst years of their

mandate and persists if the most serious acts (damages and physical assaults) are considered; addition-

ally, the results are stronger in municipalities where rich, poorly-educated people live and with a small

share of immigrants.
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1 Introduction

Recently, the Italian media has been talking about "a racist emergency" in the country, using alarmist tones

that have been scale down by the leader of the League - a far-right, anti-immigrant party - Matteo Salvini.

Who is right? Is there a racist emergency in Italy? And, more broadly, what are the factors that make hate

crimes more likely to occur? Anecdotal evidences show that members of anti-immigrant parties, with their

xenophobic rhetoric and behaviours, can spread a feeling of hatred towards foreigners. This can be the

case with high-level political representatives: for instance, a recent paper by Müller and Schwarz (2019)

shows that Trump’s tweets about Islam-related topics are highly correlated with anti-Muslim hate crimes.

However, also local politicians, through their actions and messages, may play an important role in increase

feelings of hatred towards immigrants within their community. Recently, in France, a regional councillor

of the Rassemblement national (the new name of the Front national, a French far-right party) attacked

verbally a woman who accompanied her son on a visit to the headquarters of the region just because she

was wearing the veil1. In this sense, Italy is sadly full of examples. In Bologna, the group leader in the

regional council (Mauro Manfredini, Northern League) has furnished his garden with a family of ceramic

pigs, instead of the usual gnomes, claiming that they were "to keep the Muslims away". Following an ar-

son on a car, the Lega mayor of Gallarate (VA) - convinced that the responsible was a Tunisian - wrote a

Facebook massage in which he hoped that the man could be "kicked back to his home country". In fact,

the Tunisian was the owner of the car, burned by an Italian man with mental problems2. In Domodos-

sola (VB), the mayor, supported by Lega and Fratelli D’Italia, a national-conservative political party, asked

that Italian children be separated from migrants during the administration of vaccines to avoid the risk

of infection3. Although the association between extremist parties and the increase in discriminations and

violences against minorities is highly debated in newspapers and in politics, there is little research that

empirically shows whether this is actually the case. In this paper, I investigate in more detail the relation-

ship between local politicians and hate crimes, answering to the following question: Does the election of

a mayor belonging to or supported by the extreme right have an impact on the likelihood of hate crimes

against immigrants in the municipality? In this matter, Italy is a very interesting setting given that a dis-

crepancy between central and local governments has been highlighted when it comes to policies aimed at

preventing the spread of hate crime incidents. Indeed, citing a recent OSCE - Organisation for Security and
1https://www.nytimes.com/2019/10/19/world/europe/france-hijab-school-trip-mother.html
2https://milano.corriere.it/notizie/cronaca/19_agosto_18/sindaco-gallarate-andrea-cassani-tunisino-via-calcioni-suo-paese-

auto-incendiata-facebook-pd-73a14902-c1a2-11e9-b61c-c8d9a9699826.shtml
3https://www.lastampa.it/verbano-cusio-ossola/2018/06/28/news/il-sindaco-di-domo-all-asl-no-alle-vaccinazioni-dei-bimbi-

nella-stessa-stanza-dei-profughi-1.34027782
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Cooperation in Europe - report: "A di�cult situation in the sense of protecting the rights of minorities has

developed in Italy. If, at the national level, the law protects their rights, at the regional level these rights are

at the discretion of the local authorities. This situation has led to various problems among Muslims, as the

Italian authorities (both local and regional) associate Muslim communities with terrorism and radicalism."

(Ljujic et al., 2016). This discrepancy between central and local government regarding laws aimed at the

protection of minorities has also emerged in other contexts, for example the assaults su�ered by members

of the LGBT community4.

To assess the e�ect of a far-right mayor’s victory on the likelihood of a hate crime, I constructed a

dataset of local elections from 2008 to 2018, focusing on the Italian municipalities where a candidate sus-

tained by a far-right party run. I �rst use a �xed-e�ects approach, comparing, within the same city, the

months in which a far-right mayor was in o�ce and those not. To enforce the causal e�ect of my results, I

then move to an RDD approach - i.e. comparing municipalities in which a far-right candidate won or lost

with a very small margin of votes. With regard to hate crimes, as explained in more detail below, the issue

su�ers, in general, from a problem of a lack of data. In this paper I make use of the dataset built by Lunaria,

an association which has collected, since 2008, episodes of racial discriminations and hate crimes that have

appeared in national or local newspapers as well as cases directly reported to the NGO by victims or wit-

nesses. It is important to stress that throughout my analysis I only consider episodes where the victims

are discriminated because of their ethnicity: other potential victims of hate crimes, for instance member

of the LGBT communities, are not included in Lunaria’s dataset. Results show that in political mandates

where a mayor supported by extreme right-wing parties is in power, the likelihood of a hate crime occur-

ring is signi�cantly higher. This result is stable both when the �xed-e�ects strategy is implemented and

when a Regression Discontinuity Design with optimal bandwidths is used, as proposed by Calonico et al.

(2014). The far-right mayors e�ect is sizeable: estimates indicate an increase in the yearly probability of

a hate crime in the municipality ranging from 3.6 to 5.4 percentage points. However, highly likely, these

coe�cients represent a lower bound e�ect. In fact, as shown by Bracco et al. (2018), the election of a mayor

of the League - the most important far-right party in Italy - generates a reduction in the presence of mi-

grants in the municipality (and, thus, a decrease in the number of potential victims). Overall, the results

are driven by hate crimes that falls in the "institutions" area, i.e. committed by representatives of the insti-

tutions (local government members, policemen, teachers). However, a positive and signi�cant e�ect of the

far right mayors is found when the most serious kind of hate crimes, namely damages against immigrants’
4http://espresso.repubblica.it/inchieste/2019/10/23/news/diritti-lgbt-destra-1.340176
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properties and physical assaults. A potential concern in my way of proceeding is that this e�ect is linked

with the increased likelihood of crimes being reported as a result of the election of a far-right mayor. The

fact that the e�ect persists when the most violent cases are analysed is a �rst point of reassurance for

my strategy. Indeed, by their nature and severity, visible crimes such as physical assaults or damages are

highly likely to be reported in the media (and, hence, to be present in Lunaria’s dataset), regardless of

whether they take place in a municipality led by a left or right mayor. As additional robustness check, I

also identify from the dataset a series of "suspicious" sources - i.e. NGOs or websites highly involved in the

cause of immigration and the protection of minorities, reports sent to Lunaria by citizens and unknown

sources. Reassuringly for my identi�cation strategy, the e�ect of the far right mayors on the likelihood of

hate crimes persists once discrimination episodes reported by these sources are dropped.

The paper is mostly linked with the following strands of the literature. First, it contributes to the stud-

ies that analyse the determinants of hate crimes. A �rst contribution to this literature is given by Glaeser

(2005), who theoretically studies the circumstances that incentive politicians to supply hatred stories. A

central prediction of this model is that the citizens on whom these hate messages are most convincing are

those with a low level of education. Moreover, it states that the areas where it is most strategic for politi-

cians to send hate messages are those with a low presence of individuals belonging to the minority and

where there is a signi�cant di�erence in terms of wealth between in-group and out-group members. More

precisely, when the minority is relatively poor with respect to the majority, hate messages are politically

convenient for the right politicians. In this sense, my paper might be considered as an empirical test for the

model developed by Glaeser (2005). Indeed, in the last part of the analysis, I show that the municipalities

where the far-right mayor e�ect is statistically signi�cant are those where rich, low-educated people live

and characterised by a small share of immigrants. This paper is also close to the recent work by Bursztyn

et al. (2019), in which they show how an expected election outcome (the election of Donald Trump in 2016)

increased individual’s willingness to publicly express xenophobic views, as well as the social acceptability

of such expression.

Recently, a bunch of studies has started to provide empirical evidences on the potential causes of hate

crimes against foreigners. The potential determinants of hate crimes investigated so far are the unem-

ployment rate Falk et al. (2011), the terrorist attacks (Hanes and Machin, 2014; Ivandic et al., 2019), social

media and the Internet (Müller and Schwarz, 2018, 2019; Chan et al., 2016), exposure to religious minorities

Colussi et al. (2016) and large in�ows of refugees and asylum seekers (Dinas et al., 2019; Sola, 2018). All

these factors have been found to be responsible for an increase in the number of hate crime episodes. By
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contrast, using my same data source for hate crimes, Gamalerio et al. (2018) found that a small presence of

refugees in the municipalities has a negative e�ect on hate crimes against foreigners. I contribute to this

literature by investigating the role of mayors who, especially in a context characterised by the presence

of many and small municipalities such as Italy, can be very in�uential with regard to the behaviour of

members of the local community.

The link between local politicians and crime has been widely analysed by the literature (Dell, 2015; Ace-

moglu et al., 2013; Dal Bó et al., 2006). When it comes to the Italian context, the most studied relationship is

the one between mayors and ma�a-related crimes (Alesina et al., 2018; Daniele and Dipoppa, 2017). These

studies analyse how criminal gangs, through violence carried out in a strategic manner, can impact on the

choices of local politicians or on the policies implemented during their mandate. My paper, on the con-

trary, focuses on the opposite relation, namely on how the election of a mayor can change the frequency

of crimes in the locality.

Finally, this paper is also close to the literature that analyse the relationship between immigrant and sup-

port for far-right parties. Indeed, a growing number of studies analyse how the non-natives presence

might a�ect the political dynamics, both at national (Dustmann et al., 2018; Vertier and Viskanic, 2018;

Halla et al., 2017; Barone et al., 2016) and at local level (Harmon, 2018; Otto and Steinhardt, 2014). Over-

all, these studies found a positive association between immigrants’ presence and political success of the

far-right parties. However, little is known about how the electoral success of anti-immigrant parties can

in�uence citizens’ behaviour. I thus contribute to this literature by looking at how a victory of an extreme

right-wing party can impact on an outcome related to migration, namely hate crimes. In this sense, a close

study to mine is the one by Bracco et al. (2018) who show that the presence of a Lega mayor decrease

the immigrant presence in the municipality. Indeed, my paper investigates a possible explanation of this

result, namely an increase in the hate crimes in the municipality.

The remainder of the paper is structured as follow: section 2 describes the Italian political context, in

particular focusing on the extreme right parties considered in the analysis; section 3 describes the dataset

of the hate crimes constructed by Lunaria; the �xed e�ects approach methodology and its results are

outlined in section 4, while section 5 presents the result using the RDD approach. In section 6 some

robustness checks and additional results are provided; �nally, section 7 concludes.
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2 Political background

In Italy, there are over 8,000 municipalities which represent the lower level of government. Municipal

governments have an important role in the Italian institutional setting, given that they manage relevant

public services like local police, tra�c enforcement and nursery schools as well as the provision of public

housing and the management of local roads, garbage collection and public transportation. Indeed, voters

greatly care about their performance, as proved by a very high turnout rate (for instance, in 2018 municipal

elections, the average turnout was 71%). Mayor (Sindaco) who heads an Executive Committee is endowed

with executive power, whereas the municipal council represent the municipality’s legislative body. Start-

ing from 1993, Italian mayors are directly elected by the voters. Large municipalities (i.e. with more than

15,000 inhabitants - representing 9% of the municipalities) use a dual ballot system, while those below the

threshold use a plurality system. The coalition of the winning candidate receives 66.66% of the seats of the

municipal council (60% in municipalities above the 15,000 threshold). Once elected, the Mayor’s electoral

mandate lasts �ve years and cannot be in power for more than two mandate. It is important to note that

there is variation in the timing of the electoral cycles such that each year a large, but di�erent, subset of

municipalities have elections which typically occur in Spring.

One of the main actors in the recent Italian political context is the League, an extreme right party that,

along with another party (Five Star Movement), was part of a coalition government that led the national

parliament in 2018-2019. Founded in 1991 under the name of Northern League, the party’s ideology used to

be a combination of political and �scal federalism and defence of northern Italian traditions (the ultimate

goal of the party was the secession of the Padania - an alternative name for the Po Valley, a major plain in

the north of Italy - from the rest of the country). Since 1994, Lega Nord took part, allied with centre-right

parties, in several coalition governments at national level, obtaining approximately a vote share of 8-10%.

After the election of Matteo Salvini as Secretary in 2013, the party left the distinctly "pro-North" focus

(as evident from the change of the name from "Northern League" to just "League") and turned its political

attention towards issues of immigration and crime, reaching a remarkable 17% in the 2018 political elec-

tion (and more than 34% in the 2019 European elections). By its very nature, the party lends itself well

to success at the local level, especially in the Northern regions for which it has historically claimed to be

�ghting. Indeed, among the 16,399 municipality-mandate observations for which I have information in

the period 2008-2018, a candidate supported by Lega was present in 12.9% of them, mostly in Lombardy

and Veneto.

5



Although the League is by far the most popular extreme right-wing party in Italy, there are other parties

characterised by a similar political ideology. Relevant examples include "Brothers of Italy", inspired by the

nostalgic post-fascist Italian Social Movement; "La Destra" (namely "The Right"); and the more combative

"CasaPound" and "Tricolour Flame" (Fiamma Tricolore). Unlike the League, the success of these parties

is more widespread in central Italy, particularly in Lazio. As proof of that, in February 2019 a member of

Brothers of Italy obtained 48.0% of the vote in the Abruzzo regional election, becoming the �rst president

of a region from this party.

To assess whether a far-right mayor impacts on the likelihood of hate crime, I collected the results of

municipal elections that took place in the period 2008-2018 from the Italian Interior Minister. For each

election, I have data on the vote share obtained by each candidate, the parties/lists supporting each of

them and the day of the election. Additionally, I have information on Mayor’s characteristics, including

the gender, the age and the level of education. Given their nature of ’regions with special status’ - which

implies di�erent powers of the municipal council - the dataset does not include the elections of Sicily,

Sardinia, Valle d’Aosta, Friuli-Venezia Giulia and Trentino-Alto Adige/Südtirol. I focus on political man-

date (5 years long) in which a candidate supported by a far-right party - in most cases League and the

others mentioned above5 - run the elections. This implies 2,563 municipality-mandate observations, com-

ing from 1,852 di�erent municipalities. Table 1 provides descriptives statistics of the far-right candidates

performances.

Table 1: Far right performance in local elections (2008-2018).

N mean sd min max
Far right candidate run 16399 0.156 0.363 0.000 1.000
Lega candidate run 16399 0.129 0.336 0.000 1.000
Far right candidate win 16399 0.046 0.210 0.000 1.000
Far right candidate win (if run) 2563 0.297 0.457 0.000 1.000
Far right distance (if run) 2563 -0.175 0.295 -0.987 0.878

Source: Italian Interior Minister.

As can be seen, among all the local elections that took place in the period 2008-2018 a candidate be-

longing to (or supported by) a far right party run approximately in 15% of cases and became mayor in 4.6%.

In the elections considered in the analysis - namely the ones where a candidate supported by the extreme

right actually run - a far-right mayor is recorded in almost 30 percent of the cases. The average margin of
5See Table A1 in the Appendix for the complete list.
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victory is -17.5%, where a positive value indicates that the far-right candidate won the election. Although

most of the municipalities in which a candidate supported by the extreme right ran for election are located

in the north of the country (mainly for a League e�ect), there are also examples of municipalities located

in central and southern regions - in particular Tuscany, Lazio and Campania - as displayed by Figure A1 in

the Appendix. Table 2 emphasises the di�erences between municipalities with an extreme right-wing can-

didate and those without. As illustrated, cities where there is a far-right supported candidate are normally

more populous, economically more performing - they are richer and more productive - and characterised

by a higher immigrants’ presence. By contrast, people living in these municipalities are (slightly) lower

educated. Finally, a lower number of pensioners is recorded in municipalities with a far-right candidate. In

fact, all these characteristics - rich and productive cities, with a large presence of foreigners, usually work-

ing in small factories owned by a not so well educated native - are typical of the municipalities of northern

Italy, where the electoral presence of the League is very likely. Finally, it is important to stress that the

�ve most populous Italian municipalities - Rome, Milan, Naples, Turin and Palermo - are not included in

the sample.

Table 2: Average characteristics of municipalities with and without far right candidates.

Far right canditate: Not run Run Di�.
Population (2008) 6,690 11,055 4,365.537∗∗∗
Surface 34.606 31.066 -3.540∗∗∗
% of immigrants (2008) 0.051 0.073 0.023∗∗∗
log income per capita (2005) 9.478 9.584 0.106∗∗∗
Production units per capita (2005) 0.076 0.085 0.009∗∗∗
% pop. with high education (2011) 0.463 0.460 -0.003∗∗∗
% of pensioners (2001) 0.257 0.231 -0.026∗∗∗
No pro�t assoc. per capita (2008) 0.005 0.005 -0.001∗∗∗

Source: 2001 Italian Census; Italian National Institute of Statistics.

3 Hate crimes

A hate crime (also known as a bias crime) is a prejudice-motivated crime which occurs when a perpetrator

targets a victim because of their membership in a certain social group or race. As a general rule, hate crimes

are the result of high levels of xenophobia, the activity of radical organisations, and the ine�ectiveness of

law enforcement functions of the state. Even though in di�erent forms and at di�erent levels, phenomena

such as the terrorist attacks in Europe and worldwide, the so-called refugees’ crisis started in 2015, and

the residual e�ects of the economic and �nancial crisis have been mentioned as root causes of hatred in
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the European countries. Literature has identi�ed that they are responsible for high social and economic

costs, discouraging long-term integration, and acting as a barrier to population movement (Shields and

Price, 2002; Manning and Roy, 2007) as well as they produce serious impacts on victims (Nielsen, 2002).

Comparative analysis of hate crime is always a di�cult task given that criteria for identifying and clas-

sifying such crimes vary among countries. Additionally, despite the seriousness of the matter, the issue

su�ers from a general lack of data problem. With a few exceptions, like the UK and France, o�cial statis-

tics are not kept (or classi�ed) in several European Countries, including Greece, the Netherlands, Hungary,

Austria and Ireland. Up until 2017, Italy was not among the countries that systematise o�cial statistics

on hate crime. However, following an attack by a Naziskin on a refugee centre, a national census over

the period 2014-2017 was order by the Justice Minister. This indeed represents an important step, which

shows that Italy is reconsidering its view on the public danger of hate crime. However, data from UNAR

(National Anti-Racial Discrimination O�ce) - the o�cial agency entrusted by the government with the

task of collecting statistics on the subject - cover a relatively short period of time and, at least publicly,

are only available at provincial level by year. In addition, following the formation of a new government -

in which the League played a prominent role - in 2018, the importance attributed to the investigations of

the UNAR was scaled down (if not hindered by some representatives of the government), as expressed on

several occasions by the then president, Prof. Luigi Manconi6.

An alternative and reliable source of data on the subject is Lunaria, a non-pro�t association that, since

2007, has been building a database - "Cronache di ordinario razzismo" - of hate crimes against immigrants

that occur in Italian municipalities (see: http://www.cronachediordinariorazzismo.org). First of all, it is

important to stress that this source reports episodes of hate crimes where the victims belong to ethnic

minorities: this implies that attacks on other minorities - e.g. members of the LGBT community - are

not taken into account in this analysis. As evidence of its reliability, it also relevant to mention that this

database has been used by di�erent European Agencies, including OSCE7 and the European Union Agency

for Fundamental Rights8 in order to produce o�cial reports on the subject. Additionally, it appears as a

source of data in a recent working paper by Gamalerio et al. (2018), where the impact of the opening of

small refugee centres on hate crimes is investigated. The database has been constructed mainly collecting

hate crimes episodes from local and national newspapers (both in paper and web format). Additional bias-

motivated crimes in the database come from news reported by other websites or blogs, releases from NGOs
6For example, in an interview released to the newspaper La Repubblica on 26 March 2019.
7http://hatecrime.osce.org/italy
8https://fra.europa.eu/en/databases/anti-muslim-hatred/node/2031

8



and reports directly sent to Lunaria by citizens who were witnesses or victims of racial abuse. The infor-

mation collected in the inventory is veri�ed, when possible, through the consultation of multiple sources.

For every event, the dataset reports the exact date, the municipality where it occurred and a summary of

the text of the newspapers’ articles used to identify the hate crime. Furthermore, adopting a system based

on those used by other international bodies, Lunaria proposed a double classi�cation of each hate crime.

First, each episode is categorised by the nature of the criminal act: damages to buildings or properties,

discriminations, verbal violences, physical assault (Similarly, in their paper on hate crimes in Germany,

Falk et al. (2011) categorised right-wing extremist crimes in violent and non violent). Additionally, Lu-

naria has identi�ed four main areas in which the seeds of racism spread: institutions, the media, politics

and society. The �rst area - institutions - includes all acts carried out by the institutional bodies or their

representatives: local governments, mayors, policemen. Examples in this category include a municipal

law in Pisa (Tuscany) which ordered the removal of fountains from a public park to prevent gypsies from

taking water or the insults that a primary school teacher expressed against a Nigerian child (referring to

his mother: "take him back to the jungle!). Other recurrent episodes in this category are the emanation of

discriminatory municipal laws or regulations (e.g. on the allocation of social housing or welfare services).

Thus, in Turate (Como) a special municipal o�ce is opened to collect reports, even anonymous ones, of

all citizens who suspect that they have an irregular immigrant as a neighbour. In Ceriano Laghetto, a

small town in Lombardy, the municipal administration introduces a ban on the establishment of commer-

cial activities such as "kebabs, international telephone centres, money transfer centres". The second area

- media- captures hate messages against immigrants that spread online, especially in social media plat-

forms; additionally, newspaper articles with racist connotations also fall into this category. The third area

- society - includes hate crimes committed by citizens as individuals. Examples of this group range from

physical assaults through racist insults during sport events to refusal to rent a house to a foreigner. Fi-

nally, the area "political" includes episodes promoted by political groups, such as the display of banners or

party statements containing racist phrases. Overall, this second classi�cation must be taken with caution:

indeed, if few doubts can arise to establish whether an event is an assault, a discrimination or a damage,

the categorisation by area is more subject to interpretations.

I include in my analysis all the episodes that took place from 2008-2018, a time frame in which 6,613

hate crime are reported. Figure A2 (in the Appendix) displays the municipalities where at least one episode

is record while Table A3 and A4 illustrates the yearly number of hate crimes, respectively by nature and

area. Furthermore, Table 3 shows descriptive statistics regarding the number of hate crimes, considering
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Table 3: Summary statistics of hate crimes, municipalities with and without far right candidates
(Mandate level).

Far right canditate: Not run local elections Run local elections
mean sd mean sd

Discrimination dummy (Mandate) 0.067 0.249 0.186 0.389
Tot hate crimes (Mandate) 0.327 8.054 0.506 2.575
Hate crimes by nature:
Tot hate-crimes (damage) 0.103 0.490 0.051 0.255
Tot hate-crimes (discrimination) 0.576 2.648 0.535 1.342
Tot hate-crimes (verbal) 3.642 27.141 1.777 4.053
Tot hate-crimes (physical) 0.523 2.833 0.244 0.684
Hate crimes by area:
Tot hate crimes (institutions) 0.039 0.760 0.096 0.570
Tot hate crimes (media) 0.073 3.384 0.069 0.462
Tot hate crimes (politics) 0.079 2.273 0.110 0.854
Tot hate crimes (society) 0.132 2.223 0.218 1.133

Years: 2008-2018. Source: Lunaria - "Cronache di Ordinario Razzismo".

the electoral mandates and looking at the presence or absence of a candidate of the extreme right. Overall,

the probability of a hate crimes occurring during the electoral term (5 years) in which a candidate of the

extreme right participated in the poll is 18% while this percentage drops to 6% if there are no candidates

supported by the extreme right. In addition, the average number of hate crimes reported in mandates with

a far-right candidate presence is much higher (0.495 vs. 0.298 per mandate); this relationship is still valid

if the numbers of crimes by area are analysed; by contrast, the opposite relationship - probably driven by

some big cities without far right candidates - is detected for the classi�cation by act nature.

4 Fixed-E�ects approach

To explore the e�ects of far-right mayor on hate crime, I �rst use a �xed-e�ects approach on the full sample

of municipalities in which, between 2008 and 2018, a candidate belonging to a far right party has run for

the local elections at least once. In particular, I use the following speci�cation:

HateCrimem,t =βFarRightm,T + θXm,t + ζZi,T + τt + ρt + ψm + εm (1)

where HateCrime is a dummy equal to one if (at least) one hate crime is reported in municipality m

in month t. Throughout my analysis, I decide to focus on the extensive margin (i.e. whether a hate crime

occurred or not), instead of the intensive margin (i.e. the total number of hate crimes reported), given that,
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as reported in Table 3, the frequency of hate crimes at municipal level is relatively low. FarRight is a binary

indicator that takes value one in municipalities where, in the most recent election year (T), a mayor who is

a member of, or is supported by a far-right party was elected. The parameter of interest is β and provides

the treatment e�ect of the election of a far-right mayor on hate crimes. The presence of a far-right mayor

lasts for a �ve-year term, while the data on hate crimes occurrence is at a municipal-month level. Hence, β

provides the average monthly e�ect of electing a far-right mayor on hate crimes across the electoral cycle.

X is a vector of municipality controls that vary at annual level (in particular, for this part of analysis, they

include the population and the foreign population); additionally Z controls for some mayor characteristics

such as gender, age and level of education. τ is a year �xed e�ect , ρ is a month of the years �xed e�ect to

remove potential issues of seasonality in hate crime, ψ is a municipality �xed e�ect. Finally, ε is a robust

error term, clustered at the municipal level. Table 4 provides the results.

Table 4: E�ect of far-right mayors on hate crimes (2008-2018) - Fixed E�ects

(1) (2) (3) (4) (5)
Hate crime: All Institutions Media Society Politics
Mayor far-right 0.00285∗∗∗ 0.00154∗∗∗ 0.000247 0.000477 -0.000580

(0.00103) (0.000513) (0.000399) (0.000665) (0.000560)
Observations 254534 254534 254534 254534 254534
Controls: Yes Yes Yes Yes Yes

Dependent Variables: Dummy equal to one if (at least) a hate crime is reported during the month. Years: 2008-2018. All regressions
include year, month of the year and municipal �xed e�ects. Municipal controls: population and foreign population. Mayor control:
gender, age, level of education. Robust standard errors clustered at municipal level in parentheses. ∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗

p < 0.01

As evident, a positive and strongly signi�cant e�ect of far-right mayors on the occurrence of hate

crimes is observable. In particular, as reported in Column (1), in municipalities led by a far-right mayor

the monthly probability of hate crimes is, on average, 0.3 percent higher (that’s equivalent to an annual

increase of 3.6 percentage points). Columns (2) to (5) display the results looking at the four areas of hate

crimes proposed by Lunaria: institutions, the media, society and politics. Indeed, a signi�cant increase

in the hate crimes perpetrated by member of institutions is observable. In other words, the election of

a municipal government led by the extreme right increases cases of hate crime through the institutional

channel. This might happen by issuing municipal regulations and through declarations or actions by

institutional members - teachers, policemen, doctors - which are discriminatory and racist. Examples

are doctors who refuse to treat black people or policemen who attack immigrants. In addition, this area

includes cases of discriminatory municipal laws, such as the allocation of social housing giving priority

to natives. Moreover, positive (although not signi�cant) coe�cients are associated to the hate crimes that
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fall in the media and society categories. By contrast, the elections of a far right mayor is associated to a

(non-signi�cant) reduction in the probability of hate crimes committed by political groups. This result is

not very surprising since in many cases these episodes are linked to demonstrations / actions of members

of extreme right groups in reaction to choices made by the city council (e.g. allocation of social housing

to immigrants or opening of refugee centres).

Table 5: E�ect of far-right mayors on hate crimes - Interactions analysis

(1) (2) (3) (4)
Hate crime: All Institutions All Institutions
Mayor far-right (MFR) 0.00399∗∗ 0.00329∗∗∗ 0.000962 0.000928

(0.00169) (0.00100) (0.00146) (0.000627)
Distance election -0.0000200∗ -0.00000257

(0.0000121) (0.00000558)
Distance * MFR -0.0000425 -0.0000617∗∗∗

(0.0000409) (0.0000238)
Term Limit 0.000437 0.0000860

(0.000627) (0.000268)
TL * MFR 0.00250 0.000246

(0.00174) (0.00103)
Observations 254509 254509 203692 203692
Controls: Yes Yes Yes Yes

Dependent Variables: Dummy equal to one if (at least) a hate crime is reported during the month.
Years: 2008-2018. All regressions include year and municipal �xed e�ects. Municipal controls: popu-
lation and foreign population. Mayor control: gender, age, level of education. Robust standard errors
clustered at municipal level in parentheses. ∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01

Taking advantage of the monthly structure of the dataset, Table 5 analyses two further aspects, namely

the role played by the distance in time since the election and the relevance of being an end-of-term mayor.

As observable, when looking at the hate crimes of the "institutions" area, the interaction coe�cient be-

tween the presence of an extreme right mayor and the distance from the election is negative and signi�cant,

i.e. the e�ect of extreme right mayors on hate crimes tends to fade with the passing of the mandate. More

speci�cally, as highlighted by Figure A3, the far-right mayor e�ect on hate crime (institutions area) is par-

ticularly strong in the �rst half of the political term of o�ce while it tends to weaken in the last semesters.

The interpretation of these coe�cients may be multiple. On the one hand, it is necessary to bear in mind

the study by Bracco et al. (2018), in which they observe a reduction in the foreign presence in the munic-

ipality following the election of a mayor of the League. This e�ect as well occurs in the �rst years after

the election. Therefore, a reduction in hate crimes during the electoral term may be due to a reduction

in the number of possible victims. Put it di�erently, mayors, in the �rst part of their mandate, make the
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greatest e�ort to send out hate messages in order to reduce the number of immigrants; therefore, in the

second part, this e�ort is no longer necessary. An alternative view is that, with the approach of elections,

mayors decide to behave in a more "politically correct" way, to increase the chances of being re-elected.

However, Since there is no statistically signi�cant di�erence between mayors who have the opportunity

to be re-elected and those in the second term (term limit), this assumption seems less likely.

5 RDD approach

5.1 Methodology and Balance controls

The results obtained using a �xed-e�ects approach provide a �rst indication of the positive e�ect of far-

right mayors on the occurrence of hate crimes against immigrants. However, there might be unobserved

mayor and municipal characteristics that might a�ect both the electoral performances of these parties

and the likelihood that a hate crime will occur. Moreover, (observed and unobserved) local factors may

simultaneously a�ect vote preferences and hate crimes probability. These factors make complicated to

infer a causality in the relationships far right mayors and hate crime occurrences. In order to address this

problem, I collapse my dataset at annual level and I rely on an RDD approach (see Imbens and Lemieux

(2008) and Lee and Lemieux (2010)), i.e. focusing on elections where a far-right candidate win or lose with

a narrow margin of votes. The main equation for this part of analysis is the following:

HateCrimem,t =βFarRightm,T + γf(MarginOfV ictorym,T )+

γf(MarginOfV ictorym,T ) ∗ FarRightm,T + ζZi,T−1 + θXm,T−1 + τt + ψp + εp
(2)

where HateCrime is a dummy equal to one if (at least) one hate crime is reported in municipality m

during the year t. As before, FarRight is a binary indicator that takes value one if the municipality is led by

a far right mayor. The parameter of interest, β, provides the average annual e�ect of electing a far-right

mayor on hate crimes across the electoral cycle. f(MarginOfVictory) is a �exible polynomial function of

the margin of victory and the interaction term allows for di�erent functional forms on the two sides of the

cut-o�. Z is a set of mayor characteristics (age, gender, level of education); X is a vector of municipality

controls that includes (the log of) the population and surface, relevant economic indicators such as the

average disposable income, the number of �rms per capita, and the population composition (the share of

pensioners and of high educated people). X also includes two relevant features for my analysis, namely

the share of immigrants and the number of no pro�t organisations per capita. These controls are held con-
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stant at pre-mandate values to avoid issues of reverse causality. The main sources of these data are the 2001

Italian Census, the National Statistical O�ce (ISTAT) and the Italian Finance Minister. Table A2 provides

descriptive statistics of the characteristics of the municipalities in which an extreme right-wing candidate

participated in the elections as well as the reference year. Finally, Equation 2 also include province (ψp)

and year �xed e�ects (τt); ε is a robust error term, clustered at the municipal level.

The RDD provides unbiased estimates of the treatment if the threshold of the forcing variable cannot

be manipulated. Discontinuities at the cuto� point might raise concerns that the candidates are able to

manipulate the margin of victory. To check the validity of this hypothesis in my framework, I run a

McCrary test (McCrary, 2008), the results of which are presented in Figure 1. Given that the margin of

victory is constant throughout the �ve year electoral cycle, the level of observation of this test is the

mandate (i.e. each point represents the electoral distance, but they are shown just once per mandate,

instead of the �ve years that constitute the mandate). Reassuringly, the test suggests that the margin of

far right candidates on the panel of elections I consider is not discontinuous around zero. As an additional

test, I plot a histogram of the margin of victory in 50 bins (Figure A4 in the Appendix). Also in this case,

the histogram does not show any evidence of jumps or grouping of elections around the threshold.

Figure 1: Far-Right margin of victory (2008-2018) - McCrary test

Another key hypothesis of the RDD is that around the threshold, the allocation of the treatment (i.e.,

having a far-right mayor or not) should be as good as random. Put di�erently, I should not observe any

signi�cant discontinuity around the threshold for other covariates. Using, respectively, a �rst and second
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order polynomial, Table A5 and Table A6 con�rm that also this hypothesis is con�rmed.

5.2 RDD Main Results

Table 6 presents the results for Equation 2 - i.e. controlling for the margin of victory of the far right

candidate. In particular, the coe�cients represent the results of an RDD estimation in which I estimate a

local polynomial regression with polynoms of order 1 and 2, using an optimal bandwidth selected according

to the methodology proposed by Calonico et al. (2014) and a triangular kernel. Robust standard errors are

clustered at the municipal level. In line with what found using the �xed-e�ects approach, coe�cients

are positive and signi�cant, con�rming that the election of a far-right mayor leads to an increase in the

probability of hate crimes. Results are stable regardless of the RD estimates used and whether the municipal

controls are introduced or not; additionally the coe�cients are unchanged if a �rst or a second degree

polynomial is used. Overall, coe�cients indicate that, around the threshold, the yearly probability of a hate

crime increases from 4 to 5.4 percentage points. This suggests that the estimates found in Equation 1 (�xed-

e�ects) understate the positive e�ect of far-right mayors on hate crimes. Additionally, results displayed

in Table 6 highly likely provide a lower-bound estimation: indeed, as proved by Bracco et al. (2018), the

election of a League mayor cause a decrease in the number of immigrant present in the municipality

which, in turn, is associated with a lower probability that a hate crime may occur. Lastly, this "jump" in

the probability of hate crimes occurrence in the municipalities led by far-right mayors is presented in a

visible manner in Figure 2.

Table 7 and 8 report the RDD results splitting the hate crimes by category. As found when the �xed-

e�ects methodology was implemented, the far right mayor e�ect is particularly strong for the hate crimes

that fall in the "Institutions" area. However, it should be stressed that also the coe�cient associated to the

"society" hate crimes is positive and became positive when the covariates are introduced in the regression.

In sum, both the �xed e�ects and the RDD estimates provide evidence that the election of a far-right

mayor increases the likelihood of hate crimes against immigrants in the municipality. In the next section,

I validate the robustness of the results found so far and I test the presence of heterogeneity in di�erent

aspects.
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Table 6: E�ect of far-right mayors on hate crimes (RDD Estimates)

(1) (2) (3) (4)
Conventional 0.0407∗ 0.0463∗∗ 0.0489∗ 0.0481∗∗

(0.0221) (0.0207) (0.0270) (0.0245)
Bias-corrected 0.0451∗∗ 0.0483∗∗ 0.0544∗∗ 0.0470∗

(0.0221) (0.0207) (0.0270) (0.0245)
Robust 0.0451∗ 0.0483∗∗ 0.0544∗ 0.0470∗

(0.0259) (0.0245) (0.0297) (0.0273)
Polynom order: First First Second Second
Bandwidth: 0.172 0.157 0.244 0.238
N (Left): 2475 2092 3311 2964
N (Right): 1949 1677 2406 2175
Controls: No Yes No Yes

Dependent Variables: Dummy equal to one if (at least) a hate crime is reported during the year. Years: 2008-2018. Regressions
in Column (2) and (49 include year and province �xed e�ects. Mayor controls: age, gender and level of education. Municipal
controls: log of the population and of surface in KM2, % of immigrants, %pensioners, % of people with at least secondary education
over total population, log of average disposable income, number of production units per capita, number of no pro�t associations
per capita. Robust standard errors clustered at municipal level in parentheses. ∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01

Table 7: E�ect of far-right mayors on hate crimes - by area (1st order polynom)

Hate crime: Institutions Media Society Politics
(1) (2) (3) (4) (5) (6) (7) (8)

Robust 0.0331∗∗ 0.0222∗ -0.00523 -0.00240 0.0112 0.0235∗ -0.000384 0.00583
(0.0136) (0.0127) (0.0110) (0.0103) (0.0152) (0.0142) (0.00996) (0.0102)

Bandwidth 0.137 0.145 0.149 0.151 0.199 0.204 0.213 0.197
N (Left): 2006 1961 2222 2034 2772 2582 2956 2531
N (Right): 1647 1570 1739 1599 2130 1998 2231 1938
Controls: No Yes No Yes No Yes No Yes

Dependent Variables: Dummy equal to one if (at least) a hate crime is reported during the year. Years: 2008-2018. Regressions
in Column (2) and (49 include year and province �xed e�ects. Mayor controls: age, gender and level of education. Municipal
controls: log of the population and of surface in KM2, % of immigrants, %pensioners, % of people with at least secondary
education over total population, log of average disposable income, number of production units per capita, number of no
pro�t associations per capita. Robust standard errors clustered at municipal level in parentheses. ∗ p < 0.1, ∗∗ p < 0.05,
∗∗∗ p < 0.01

16



Table 8: E�ect of far-right mayors on hate crimes - by area (2nd order polynom)

Hate crime: Institutions Media Society Politics
(1) (2) (3) (4) (5) (6) (7) (8)

Robust 0.0333∗∗ 0.0225∗ -0.00568 -0.00349 0.0107 0.0126 0.00947 0.00591
(0.0143) (0.0133) (0.0123) (0.0116) (0.0169) (0.0181) (0.0126) (0.0114)

Bandwidth 0.232 0.248 0.252 0.260 0.288 0.198 0.228 0.290
N (Left): 3136 3067 3410 3215 3802 2536 3103 3532
N (Right): 2361 2224 2445 2286 2628 1938 2344 2414
Controls: No Yes No Yes No Yes No Yes

Dependent Variables: Dummy equal to one if (at least) a hate crime is reported during the year. Years: 2008-2018. Regres-
sions in Column (2) and (49 include year and province �xed e�ects. Mayor controls: age, gender and level of education.
Municipal controls: log of the population and of surface in KM2, % of immigrants, %pensioners, % of people with at least
secondary education over total population, log of average disposable income, number of production units per capita, num-
ber of no pro�t associations per capita. Robust standard errors clustered at municipal level in parentheses. ∗ p < 0.1, ∗∗

p < 0.05, ∗∗∗ p < 0.01

Figure 2: E�ect of far-right mayors on hate crimes (2008-2018)

Note: Each point represents the bin sample average that a hate crime is reported for margin of victory. The straight line is a �rst-
order polynomial in Margin of Victory �tted separately on each side of the margin of victory threshold at zero. 95% con�dence
intervals are shown.
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6 Robustness Checks and Additional Results

6.1 Robustness Checks

As described before, the main source of hate crimes present in Lunaria dataset are the media - mainly

national and local newspapers. Additionally, episodes of racism have been collected from blogs, NGO re-

leases and reports directly sent by citizens. This way in which the Lunaria dataset is built may generate

two potential problems for my analysis. First, it give rise to the suspicion that these members of civil

society - involved in the �ght against racial intolerance - could be more vigilant and increase the likeli-

hood of reporting hate crimes as a reaction to the election of a far-right mayor. In other words, I might

pick an increase in the report rate driven by NGOs or left-wing citizens following the election of a mayor

with opposing views. Although Lunaria reports that the veracity of each episode is veri�ed from multiple

sources, the results presented above could be biased if they were driven by the fact that civil bodies or

individuals are more likely to report episodes of racism because of the election of a mayor of the extreme

right. Second, the result might be picking an increase in hate crimes only because the media talk about

attacks against immigrants where this issue is more salient - i.e. in municipalities led by a far-right mayor.

To address these potential problems, I perform two robustness checks. First, I take advantage of the

fact that, for each hate crime, Lunaria provides the source who reported the episode. This allows me to

identify some "suspicious sources" among the 6,613 episodes of hate crimes that occurred between 2008 and

2018 present in the dataset. These sources include �rst of all reports sent by citizens or episodes directly

collected by Lunaria. In addition, I include in this category the crimes reported in blogs (in particular those

with a highly anti-racist imprint and covering social and political issues), by NGOs and by sites dealing

with immigration, minorities and racism. Finally, I have also dropped from this "restricted version" of

the dataset the episodes of racism whose source is not mentioned. After the removal of episodes whose

source is potentially problematic, the hate crimes dataset is now composed of 4,540 observations. The

remaining sources are in most cases national and local newspapers or news agencies. These sources mostly

provide news story and there is no reason to assume that they are more likely to report racist incidents

following the election of a mayor with a particular ideology. Nor is there any reasonable suspicion that

these sources have an interest in reporting hate crimes in some municipalities and not in others. Table 9

reports the RDD estimates focusing on hate crimes whose source is "unsuspected". As evident, the removal

of suspicious sources does not change the results: the coe�cients remain positive and signi�cant, although

their magnitude is slightly lower. Table A7 provides the results when the �xed e�ects approach is used.
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Table 9: E�ect of far-right mayors on hate crimes (2008-2018) - Restricted hate crimes sources

(1) (2) (3) (4)
Conventional 0.0371∗ 0.0410∗∗ 0.0423∗ 0.0435∗

(0.0204) (0.0194) (0.0238) (0.0227)
Bias-corrected 0.0413∗∗ 0.0437∗∗ 0.0458∗ 0.0430∗

(0.0204) (0.0194) (0.0238) (0.0227)
Robust 0.0413∗ 0.0437∗ 0.0458∗ 0.0430∗

(0.0237) (0.0227) (0.0260) (0.0250)
Polynom order: First First Second Second
Bandwidth: 0.176 0.159 0.271 0.237
N (Left): 2534 2121 3618 2967
N (Right): 1983 1682 2566 2180
Controls: No Yes No Yes

Dependent Variables: Dummy equal to one if a hate crime is reported during the year. Years: 2008-2018. All regressions include
election year and province �xed e�ects. Municipal controls: log of the population and of surface in KM2, % of immigrants,
%pensioners, % of people with at least secondary education over total population, log of average disposable income, number of
production units per capita, number of no pro�t associations per capita. Robust standard errors clustered at provincial level in
parentheses. ∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01

As explained above, there is no serious reason to believe that national or local media are more likely

to cover hate crime episodes that happen in some municipalities rather than in others depending on the

parties that support the mayor. However, to further check the robustness of the results found in Table 4

and 6, I provide an additional test related to the nature of the criminal acts. In particular, following an

approach similar to Daniele and Dipoppa (2017), I focus on the most salient attacks - those that, given

their severity and visibility, are likely to be covered by the media. In this sense, the natural candidates

are the most extreme types of crimes, i.e. those involving physical violence. Another type of clearly

visible gestures are those that involve damage against facilities or properties - in most cases, centres for

immigrants, or shops and cars belonging to foreigners. Indeed, given their severity, these kind of acts

are the least frequent, as displayed by Table 3. Table 10 reports the result of this robustness exercise,

having as a dependent variable a dummy equal to one if a damage or a physical assault is reported in the

municipality. As evident, both the �xed e�ects and the RDD approach provides positive and signi�cant

coe�cients, con�rming the robustness of the outcomes found so far. Furthermore, this table provides an

additional result, namely that the election of a mayor of the extreme right is responsible for an increase in

the most serious hate crimes - i.e. physical attacks against immigrants or immigrants’ properties. Indeed,

the estimates show that these assaults are between 1.32 (0.11x12) and 2 percentage points more likely to

happen in the municipalities in which a far-right mayor is in power. The result associated to these crimes,

likely committed by individuals and not by representatives of the institutions, is particularly interesting
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if analysed together with the positive coe�cient associated to the "society" category in Table 7. Indeed,

one credible interpretation of these results might be the following: after the election of the highest local

authority with an openly anti-immigrant ideology, members of the community feel entitled to carry out

racist and violent actions.

Table 10: E�ect of far-right mayors on hate crimes (RDD Estimates) - Visible hate crimes

Fixed E�ects RDD RDD RDD RDD
(1) (2) (3) (4) (5)

Mayor far-right 0.0011∗∗∗ 0.0169∗∗ 0.0203∗∗ 0.0174∗ 0.0175
(0.00037) (0.00847) (0.00931) (0.0104) (0.0112)

Polynom order: - First First Second Second
Bandwidth: - 0.172 0.160 0.226 0.217
N (Left): - 2482 2111 3074 2749
N (Right): - 1952 1684 2339 2070
Controls: Yes No Yes No Yes

Dependent Variables: Dummy equal to one if (at least) a hate crime is reported during the month (Column 1) or the year (Column
2-5). Years: 2008-2018. Columns (1) include year and municipal �xed e�ects. Observation in the �xed e�ects model: N=254,610.
Columns (3) and (5) include year and provincial �xed e�ects. Coe�cients in columns 2 to 5 is Robust RDD. Robust standard errors
clustered at municipal level in parentheses. ∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01

6.2 Hate crimes and municipality characteristics

A �nal interesting question is whether the far-right mayor e�ect is di�erent depending on some municipal-

ity characteristics. In this regard, a relevant picture is o�ered by Glaeser (2005) who try to understand the

formation of group level hatred, de�ned as the willingness of members of one majority group (in-group)

to pay harm to members of another group (out-group). In my setting, the out-group is represented by the

immigrant minority. Glaeser (2005) presents a model that predicts under which circumstances politics are

more likely to supply hate crimes messages and the conditions that make acceptance of these stories more

likely. When politicians spread hate-creating stories, they increase the supply of hatred. The willingness of

voters to accept these stories without inquiry can be seen as the demand-side of hatred. The central predic-

tion of the model is that hatred will be spread against poor minorities by anti-redistribution candidates; by

contrast pro-redistribution candidates will send hate messages against rich minorities. Put it di�erently,

when the out-group is poor, as it is the case in my setting, hate messages become an instrument of right-

wing politicians, who are opposed to left-wing policies that aim to enrich the minority. Additionally, when

it comes to the supply side, the following predictions are stated:

1. If the fraction of the out-group population increases, the discrepancy between the two groups de-
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creases and the strategy of providing hate messages is less strategic.

2. As the out-group becomes poorer relative to the majority, the incentive to spread hatred increases

because income distribution policies will have a greater impact on the resources of the minority;

By contrast, the demand-side of hatred is shaped by the costs and private bene�ts of information about

the out-group. In particular:

3 If education reduces the cost of learning the truth about these political stories, then less educated

people will be more likely to accept false hate-creating stories.

In short, the model predicts that far-right politicians are more likely to supply hate crime messages where

there are few members of the minority (Prediction 1), and, given that migrants in Italy are relatively poor,

in rich municipalities (Prediction 2). At the same time, politicians’ messages of hatred against poor minori-

ties should be particularly e�ective in communities where poorly educated people live (Prediction 3). That

said, when the minority are foreigners, the model also underlines the importance played by the integration

which can reduce the willingness to accept false hate-creating stories. Finally, according to the model, the

e�ect of improvements in information technology (and of media exposure in general) on hatred is am-

biguous. If cheap newsprint and television reduces the cost of spreading hate, then an increase the level

of hatred should be observable in municipalities more exposed to the media. Conversely, better access to

the media makes it easier to learn that these stories are false and to build hatred against the hate-mongers

themselves.

The context and data available to me are an excellent opportunity to empirically test the veracity

of these predictions. I thus run Equation 2 on di�erent subsamples - i.e. below and above the median

- depending on the characteristics of the municipality. Table 11 presents the results, using the optimal

bandwidth approach. First, as forecasted by Prediction 1, a signi�cant (and larger) e�ect of extreme right

mayors occurs only in municipalities with a low share of non-natives. This result is also in line with the

analysis carried out by Dustmann et al. (2011) in the UK, in which they �nd evidence that the probabil-

ity of racial harassments is lower in area with larger minority populations. Additionally the coe�cient

associated to rich municipalities is signi�cant and larger in magnitude with respect to the poor ones. At

the same time, when it comes to demand-side of hatred, the coe�cients show that a signi�cant e�ect of

extreme right mayors occurs only in municipalities with a low share of people with a secondary or higher

education (Prediction 3). Finally, an interesting result is obtained if we compare highly populated cities

with those with few inhabitants: indeed only the latter have a (highly) signi�cant coe�cient. Altogether,
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these estimates empirically con�rm Glaeser’s predictions, since a signi�cant impact of far right mayors

has found in cities with lower presence of immigrants and where live low-educated people; additionally,

the e�ect is signi�cant only in municipalities with few inhabitants.

Table 11: E�ect of far-right mayors on hate crimes (RDD Estimates) - heterogeneity analysis

Immigrant Income Education Population
Low High Low High Low High Low High
(1) (2) (3) (4) (5) (6) (7) (8)

Mayor far-right 0.0514∗∗ 0.0395 0.0211 0.0533∗ 0.0358∗ 0.0494 0.0360∗∗ 0.0396
(0.0254) (0.0289) (0.0248) (0.0303) (0.0188) (0.0317) (0.0142) (0.0356)

Optimal bandwidth 0.190 0.151 0.173 0.158 0.153 0.242 0.169 0.158
Observations (Left) 1157 1049 1103 1086 1110 1392 1015 1153
Observations (Right) 757 968 812 929 894 935 847 877
Municipal Controls: Yes Yes Yes Yes Yes Yes Yes Yes

First order Polynom RDD Estimates. Dependent Variables: Dummy equal to one if a hate crime is reported during the year. "Low" and
"High" represent di�erent subsamples, depending if the value is below or above the median. Years: 2008-2018. All regressions include
year and province �xed e�ects. Municipal controls: log of the population and of surface in KM2, % of immigrants, %pensioners,
%students % of people with at least secondary education over total population, unemployment rate, log of average disposable income,
number of production units per capita, number of no pro�t association per capita. Robust standard errors clustered at municipal
level in parentheses. ∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01

7 Conclusion

Recently, extreme right-wing parties have been gaining considerable electoral support at national and

local level. Countries such as Germany, France, Austria and (lastly) Spain have seen the emergence - or

the resurgence - of parties with a strong anti-immigrant stance. At the same time, a signi�cant increase

in assaults against minorities (e.g. Muslims, Jews, members of the LGBT community) can be observed

throughout Europe. Indeed, politicians belonging to the above-mentioned parties, with their rhetoric or

institutional actions can contribute to the growth of this climate of intolerance. In this paper, I empirically

evaluated whether the election of far-right mayors impacts on the probability that a hate crime occurs

in the community. I set my analysis in Italy, a country in which the political success of anti-immigrant

parties (among which the one of the League stands out) is remarkable and widespread in the territory. I �rst

use a �xed-e�ects approach looking at the local elections that occur between 2008-2018; I then strength

the causality e�ect of far-right mayor by comparing local elections in which the far-right candidate won

or lost with a very small margin of votes (RDD). In both cases I found that in municipalities where a

mayor supported by extreme right-wing parties is in power, the likelihood of a hate crime occurring is

signi�cantly higher: estimates indicate an increase in the yearly probability of a hate crime ranging from
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3.6 to 5.4 percentage points. Additionally, a signi�cant increase in the most serious hate crimes - i.e. those

involving a physical assault - is observable. The e�ect of the far-right mayors on hate crimes is particularly

strong in the �rst years of their mandate; furthermore, as theoretically predicted by Glaeser (2005), it is

largest in municipalities with lower presence of immigrants and where live rich, low-educated people.

Potentially, two alternative mechanisms might be the cause of the results found. On the one hand, some

citizens may have racist ideas in an innate way and the election of a far-right mayor may serve as a signal

that they are not the only ones in the territory: this in turn may lead these individuals to be less reluctant

to commit hate crimes (Bursztyn et al., 2019). If this were the mechanism, I expect to �nd similar results

when analysing other local elections (for instance the provincial or regional ones). Alternatively, citizens

could be instigated to commit more crimes by hate messages provided by far-right mayors. A potential

interesting analysis in this aspect is to look at the social media of mayors and carry out some textual

analyses of their messages.

23



References

Acemoglu, D., Robinson, J. A., and Santos, R. J. (2013). The monopoly of violence: Evidence from colombia.

Journal of the European Economic Association, 11(suppl_1):5–44.

Alesina, A., Piccolo, S., and Pinotti, P. (2018). Organized crime, violence, and politics. The Review of

Economic Studies, 86(2):457–499.

Barone, G., D’Ignazio, A., de Blasio, G., and Naticchioni, P. (2016). Mr. rossi, mr. hu and politics. the role

of immigration in shaping natives’ voting behavior. Journal of Public Economics, 136:1–13.

Bracco, E., De Paola, M., Green, C. P., and Scoppa, V. (2018). The e�ect of far right parties on the location

choice of immigrants: Evidence from lega nord mayors. Journal of Public Economics, 166:12–26.

Bursztyn, L., Egorov, G., and Fiorin, S. (2019). From extreme to mainstream: The erosion of social norms.

Calonico, S., Cattaneo, M. D., and Titiunik, R. (2014). Robust nonparametric con�dence intervals for

regression-discontinuity designs. Econometrica, 82(6):2295–2326.

Chan, J., Ghose, A., and Seamans, R. (2016). The internet and racial hate crime: O�ine spillovers from

online access. MIS Quarterly, 40(2):381–403.

Colussi, T., Isphording, I. E., and Pestel, N. (2016). Minority salience and political extremism. IZA Discussion

Paper 10417.

Dal Bó, E., Dal Bó, P., and Di Tella, R. (2006). "plata o plomo?": bribe and punishment in a theory of political

in�uence. American Political Science Review, 100(1):41–53.

Daniele, G. and Dipoppa, G. (2017). Ma�a, elections and violence against politicians. Journal of Public

Economics, 154:10–33.

Dell, M. (2015). Tra�cking networks and the mexican drug war. American Economic Review, 105(6):1738–

79.

Dinas, E., Matakos, K., Xefteris, D., and Hangartner, D. (2019). Waking up the golden dawn: does exposure

to the refugee crisis increase support for extreme-right parties? Political Analysis, 27(2):244–254.

Dustmann, C., Fabbri, F., and Preston, I. (2011). Racial harassment, ethnic concentration, and economic

conditions. The Scandinavian Journal of Economics, 113(3):689–711.



Dustmann, C., Vasiljeva, K., and Piil Damm, A. (2018). Refugee migration and electoral outcomes. The

Review of Economic Studies, 86(5):2035–2091.

Falk, A., Kuhn, A., and Zweimüller, J. (2011). Unemployment and right-wing extremist crime. Scandinavian

Journal of Economics, 113(2):260–285.

Gamalerio, M., Luca, M., and Viskanic, M. (2018). Finding the warmth of other suns? refugee reception,

extreme votes and hate crimes. SSRN Working Paper 3277550.

Glaeser, E. L. (2005). The political economy of hatred. The Quarterly Journal of Economics, 120(1):45–86.

Halla, M., Wagner, A. F., and Zweimüller, J. (2017). Immigration and voting for the far right. Journal of the

European Economic Association, 15(6):1341–1385.

Hanes, E. and Machin, S. (2014). Hate crime in the wake of terror attacks: Evidence from 7/7 and 9/11.

Journal of Contemporary Criminal Justice, 30(3):247–267.

Harmon, N. A. (2018). Immigration, ethnic diversity, and political outcomes: Evidence from denmark. The

Scandinavian Journal of Economics, 120(4):1043–1074.

Imbens, G. W. and Lemieux, T. (2008). Regression discontinuity designs: A guide to practice. Journal of

econometrics, 142(2):615–635.

Ivandic, R., Kirchmaier, T., and Machin, S. J. (2019). Jihadi attacks, media and local hate crime.

Lee, D. S. and Lemieux, T. (2010). Regression discontinuity designs in economics. Journal of economic

literature, 48(2):281–355.

Ljujic, V., Engel, V., Castriota, A., and Carter, A. (2016). Xenophobia, radicalism and hate crime in europe

2015. OSCE report - Organization for security and co-operation in Europe.

Manning, A. and Roy, S. (2007). Culture clash or culture club? The identity and attitudes of immigrants in

Britain. Number 790. Centre for Economic Performance, London School of Economics and Political ?

McCrary, J. (2008). Manipulation of the running variable in the regression discontinuity design: A density

test. Journal of econometrics, 142(2):698–714.

Müller, K. and Schwarz, C. (2018). Fanning the �ames of hate: Social media and hate crime. SSRN Working

Paper 3082972.

25



Müller, K. and Schwarz, C. (2019). From hashtag to hate crime: Twitter and anti-minority sentiment.

Available here: https://ssrn. com/abstract, 3149103.

Nielsen, L. B. (2002). Subtle, pervasive, harmful: Racist and sexist remarks in public as hate speech. Journal

of Social Issues, 58(2):265–280.

Otto, A. H. and Steinhardt, M. F. (2014). Immigration and election outcomes?evidence from city districts

in hamburg. Regional Science and Urban Economics, 45:67–79.

Shields, M. A. and Price, S. W. (2002). Racial harassment, job satisfaction and intentions to quit: evidence

from the british nursing profession. Economica, 69(274):295–326.

Sola, A. (2018). The 2015 refugee crisis in germany: Concerns about immigration and populism. SOEPpaper

966.

Vertier, P. and Viskanic, M. (2018). Dismantling the’jungle’: Migrant relocation and extreme voting in

france. SSRN Working Paper 2963641.

26



8 Appendix: List of Figures

Figure A1: Municipalities where far-right mayors run and win (2008-2018)
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Figure A2: Municipalities where at least one hate crime is reported (2008-2018)
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Figure A3: Institutions hate crime - by semester
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Figure A4: Histogram of Far-Right margin of victory (50 bins)
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9 Appendix: List of Tables

Table A1: Parties considered to be extreme right (in addition to the League)

Alleanza Nazionale Fratelli D’Italia
La Destra Casapound italia
Fiamma Tricolore Forza Nuova
Fascismo e Liberta’ Movimento Sociale Italico

Table A2: Summary statistics.

N mean sd min max
Population (2008) 11449 11051 25703 49 598183
Surface 11420 31.066 46.111 0.120 654.390
% of immigrants (2008) 11411 0.073 0.038 0.000 0.249
log income per capita (2005) 11456 9.584 0.176 8.540 10.390
Production units per capita (2005) 11456 0.085 0.021 0.025 0.344
% pop. with high education (2011) 11410 0.460 0.098 0.139 0.823
% of pensioners (2001) 11449 0.231 0.064 0.040 0.664
No pro�t assoc. per capita (2008) 11456 0.005 0.003 0.000 0.056
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Table A3: Summary statistics of hatecrimes - by nature

act type
damages discriminations verbal violence Total

2008 11 39 28 71 149
2009 19 112 132 129 392
2010 6 120 133 64 323
2011 14 143 304 87 548
2012 9 67 358 72 506
2013 4 84 725 73 886
2014 11 81 1271 49 1412
2015 18 68 606 40 732
2016 14 62 392 27 495
2017 23 76 417 45 561
2018 24 55 321 87 487
Total 153 907 4687 744 6491

Table A4: Summary statistics of hate crimes - by area

category
institution media politic society Total

2008 34 3 8 104 149
2009 100 20 38 234 392
2010 96 17 34 176 323
2011 134 29 81 304 548
2012 59 90 104 253 506
2013 72 268 200 348 888
2014 120 508 430 354 1412
2015 74 175 258 225 732
2016 60 40 156 239 495
2017 80 75 124 282 561
2018 57 66 79 285 487
Total 886 1291 1512 2804 6493
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Table A5: Balance controls around the threshold (1st order pol.)

(1) (2) (3) (4)
Mayor Age Mayor Male Mayor Education Population

Robust -1.818 -0.0399 0.103 -0.0829
(1.668) (0.0749) (0.198) (0.126)

Bandwidth: 0.168 0.170 0.135 0.206
N (Left): 2306 2455 1822 2843
N (Right): 1827 1919 1511 2191

% immigr. Surface Ln Income Productivity
Robust 0.00673 0.00550 0.0149 0.00134

(0.00676) (0.151) (0.0236) (0.00243)
Bandwidth: 0.171 0.178 0.202 0.182
N (Left): 2449 2536 2795 2604
N (Right): 1925 1979 2161 2013

(1) (2) (3) (4)
% secondary edu. % Students % Pension. No pro�t pc

Robust -0.00927 -0.00299∗ 0.00555 0.000109
(0.0167) (0.00153) (0.00796) (0.000258)

Bandwidth: 0.153 0.214 0.198 0.133
N (Left): 2238 2961 2756 1960
N (Right): 1750 2239 2122 1591
Standard errors in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table A6: Balance controls around the threshold (2nd order pol.)

(1) (2) (3) (4)
Mayor Age Mayor Male Mayor Education Population

Robust -2.061 -0.0571 0.142 0.0287
(2.000) (0.0880) (0.217) (0.163)

Bandwidth: 0.227 0.249 0.227 0.220
N (Left): 2952 3343 2876 3022
N (Right): 2232 2420 2147 2289

% immigr. Surface Ln Income Productivity
Robust 0.00655 0.140 0.0425 0.00331

(0.00788) (0.181) (0.0308) (0.00309)
Bandwidth: 0.245 0.236 0.215 0.193
N (Left): 3290 3193 2968 2716
N (Right): 2397 2371 2246 2090

(1) (2) (3) (4)
% secondary edu. % Students % Pension. No pro�t pc

Robust -0.00440 -0.000985 0.00569 0.000226
(0.0190) (0.00225) (0.0102) (0.000295)

Bandwidth: 0.217 0.175 0.246 0.201
N (Left): 2989 2515 3321 2792
N (Right): 2268 1965 2414 2142
Standard errors in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table A7: E�ect of far-right mayors on hate crimes (Fixed E�ects) - Restricted hate crimes sources

(1) (2) (3) (4) (5)
Hate crime: All Institutions Media Society Politics
Mayor far-right 0.00223∗∗ 0.00138∗∗∗ 0.000425 -0.000335 0.000356

(0.000990) (0.000457) (0.000392) (0.000561) (0.000622)
Observations 254331 254331 254331 254331 254331
Controls: Yes Yes Yes Yes Yes

Dependent Variables: Dummy equal to one if (at least) a hate crime is reported during the month. Years: 2008-2018. All regressions
include year and municipal �xed e�ects. Municipal controls: population and foreign population. Mayor control: gender, age, level
of education. Robust standard errors clustered at municipal level in parentheses. ∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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